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Abstract. Artificial intelligence (Al) is increasingly important in scholarly communication. Despite
concerns about academic integrity compliance, Al tools offer potential benefits for researchers navigat-
ing the complex landscape of research data repositories. This study explores whether Chat Generative
Pre-training Transformer (ChatGPT) can effectively identify and recommend quantitative and qualitative
datasets in social sciences. We compare how ChatGPT (version 3.5) identifies data repositories versus
the specialized Re3Data.org registry.

The results revealed that ChatGPT can respond with relevant repository recommendations that
complement rather than duplicate those found through Re3Data.org, providing researchers with a
broader range of options. Standard searches using Re3Data.org offered more structured results with
disciplinary categorization, while ChatGPT provided repositories with richer contextual information
about their contents.

In specialized searches for datasets on generative Al in academic contexts, ChatGPT demonstrat-
ed the ability to identify specific datasets across multiple repositories with detailed metadata. However,
when asked about broader empirical trends, such as the proportion of quantitative versus qualitative
research, ChatGPT could only provide generalized responses without precise statistics, highlighting its
limitations in accessing current empirical data.

The conclusion reached is that while ChatGPT cannot yet generate repository data of suitable
quality for advanced-level analyses in all contexts, it is a valuable complementary tool to traditional re-
pository registries. As Al tools continue to develop, educators and scholars must shift their focus from

negative expectations to the practical benefits these tools can provide in research data discovery.
Keywords: ChatGPT, Re3Data.org, data repositories, social science, Al.

1. INTRODUCTION

Research data has emerged as a corner-
stone of innovation and discovery in the modern
scientific landscape. Raw data, properly stored
and shared, enables verification of results, faci-
litates new analyses, and drives collaborative
progress across disciplines. Data repositories —
specialized platforms designed for preserving,
organizing, and disseminating research data —
have become essential infrastructure for the sci-
entific community (Corti et al., 2020, p. 1).

Well-managed research data repositories
benefit researchers, institutions, and society.
They ensure long-term data preservation, pro-
tecting valuable information from being lost when
projects conclude, or researchers move institu-
tions. They provide standardized metadata and
documentation, making data more discover-

able and reusable by others. Perhaps most im-
portantly, they democratize access to scientific
information, allowing researchers worldwide to
build upon existing findings regardless of insti-
tutional resources (Assante et al., 2016, p.1-2).
The shift toward open data practices has
accelerated scientific advancement in remarka-
ble ways. Studies consistently show that papers
with publicly available data receive more cita-
tions and have a more significant impact (Pi-
wowar, et al., 2007, p. 3). Cross-disciplinary
collaboration flourishes when specialists from
different fields can access and analyze the same
datasets through different methodological lens-
es. Furthermore, data repositories help combat
the “replication crisis” by allowing independent
verification of published findings, strengthening
scientific rigor and public trust in research.
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Funding agencies and publishers increas-
ingly recognize these benefits, implementing
policies that require researchers to deposit their
data in appropriate repositories. This cultural
shift toward data sharing represents a funda-
mental transformation in how we conceptualize
scientific output — acknowledging that datasets
themselves are valuable scholarly contributions
worthy of recognition alongside traditional publi-
cations (Corti et al., 2020, p.p. 275-283).

HOW TO FIND DATA REPOSITORIES

Finding the proper data repository for re-
search needs requires a strategic approach.
General-purpose repositories like Zenodo, Fig-
share, and Dryad provide excellent starting
points for researchers across disciplines, offer-
ing robust infrastructure for diverse data types
with minimal barriers to entry. These platforms
typically assign Digital Object Identifiers (DOIs)
to datasets, ensuring they remain permanently
citable and discoverable.

Discipline-specific repositories often provide
tailored features and community standards for
more specialized research. Resources like re-
3data.org (Registry of Research Data Reposi-
tories) catalog thousands of repositories across
scientific domains, allowing researchers to filter
by subject area, data type, and access con-
ditions. Institutional repositories managed by
university libraries also offer valuable options,
particularly for researchers looking to comply
with local data management policies (Corti et
al., 2020, p.p. 278-281).

When evaluating potential repositories,
consider factors beyond mere storage capaci-
ty. Look for platforms that support appropriate
metadata standards for specific fields, offer
version control, provide usage statistics, and
ensure long-term preservation commitments
(Kindling & Strecker, 2022). The repository’s
certification status (such as CoreTrustSeal cer-
tification) can indicate adherence to best prac-
tices in data stewardship.

Journal requirements should also factor into
researchers’ decision-making process. Many
publications now recommend or require depo-
sition in specific repositories as part of their
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submission guidelines. Consulting these requi-
rements early in the research process can save
considerable time later. Additionally, database lit-
erature searches through platforms like PubMed,
Web of Science, or Google Dataset Search can
reveal which repositories are commonly used in
some research areas.

Networking with colleagues and attending
data management workshops can provide in-
sider knowledge about repository functionali-
ty, user experience, and community adoption.
Remember that the ideal repository preserves
research data and maximizes its visibility and
reuse potential within the research community.

CAN Al HELP FIND AND MANAGE
RESEARCH DATA REPOSITORIES?

Generative artificial intelligence, such as
ChatGPT, can now be employed with associated
risks and benefits to address these challenges.
Al tools can significantly streamline identifying
appropriate data repositories by rapidly analyz-
ing research requirements and matching them
with suitable platforms. These tools can process
vast amounts of information about repository
features, disciplinary standards, and data man-
agement best practices, providing researchers
with tailored recommendations in seconds rather
than hours of manual research.

Al assistants excel at parsing complex repo-
sitory documentation and translating technical
requirements into accessible language. They
can help researchers understand metadata
standards, file format requirements, and submis-
sion protocols specific to different repositories.
This guidance can be particularly valuable for
early-career researchers or those entering new
research domains, flattening the learning curve
associated with data management practices.

However, implementing Al in research data
management comes with important consider-
ations. Al recommendations are only as good
as the data they are trained on, which may not
always reflect the most current repository land-
scape or discipline-specific nuances. There is
also a risk of over-reliance on automated sys-
tems without developing fundamental data lite-
racy skills. Researchers should view Al tools as
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supplements to, rather than replacements for,
scholarly judgment and domain expertise.

The ethical dimensions of Al use in research
contexts also warrant attention. Questions about
data privacy, algorithmic bias, and the appro-
priate attribution of Al contributions remain ac-
tively debated in the scientific community. Best
practice suggests using Al as a starting point
for repository identification, followed by critical
evaluation and consultation with human experts
such as research data librarians or experienced
colleagues.

Despite these challenges, the potential for
Al to democratize access to sophisticated data
management practices is substantial. As these
tools continue to evolve, they may help bridge
the gap between data management best prac-
tices and real-world implementation, particularly
for researchers working in resource-limited set-
tings or outside traditional research institutions.

ChatGPT is a modern-day artificial intelli-
gence tool that has gained huge popularity in the
academic and educational environment. It was

developed by OpenAl as a tool that performs
its activity communication in the form of dialog
(Introducing ChatGPT, 2022). That means any
user can ask ChatGPT (inquire), and Chat con-
versationally responds as if the user addressed
a person, for example, reference department
staff in the library.

Re3Data.org is a global registry of data re-
positories funded by the German Research
Foundation (DFG) (About | re3data.org, 2023).
The search in this registry is performed by sub-
ject, country, or data type. The user selects the
necessary category and widens it to the subcat-
egory most relevant to the information needed.

PRACTICE IN FINDING REPOSITORIES
IN SOCIAL SCIENCE

First, let us start by asking a question about
ChatGPT. The following command was given to
ChatGPT: “Hi, please, find data repositories for
social science”.

The result is in figure 1:

Sure, here are some data repositories for social science:

1. ICPSR - Inter-university Consortium for Political and Social Research: A large data

repository based in the US, containing data in areas such as economics, sociology,

political science, and education.

2. UK Data Service: A comprehensive data repository based in the UK, covering a wide

range of social science disciplines including economics, political science, sociology, and

criminology.

3. Data.gov: A US-based open data repository that includes social science data from various

government agencies and departments.

4. Dataverse: A data repository hosted by Harvard University that contains research data in

social sciences, including political science, sociology, and economics.

5. OpenlCPSR: A free-to-access repository that hosts social science data, including datasets

from ICPSR and other sources.

6. OECD iLibrary: A repository maintained by the Organisation for Economic Co-operation

and Development (OECD), containing data and research on economic and social policy

issues.

7. Eurostat: A data repository maintained by the European Union, containing data on a

range of social science topics, including demographics, economics, and public health.

8. World Bank Open Data: A repository of data from the World Bank on economic and

social indicators for countries around the world.

| hope this helps!

Fig. 1. Screenshot of ChatGPT’s answer to the task of finding data repositories in social science
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Thus, as we can see, ChatGPT selected the
following repositories: ICPSR — Inter-university
Consortium for Political and Social Research
(ICPSR, 2023) which is enriched by 780 + mem-
ber institutions and contains 18,369 studies,
comprising 6,156,373 variables, 106,943 pub-
lications; UK Data Service (UK Data Service,
2023) funded by UK Research and Innovation
(UKRI), through Economic and Social Research
Council with contributions from partners contain-
ing over 5,000 datasets (LibGuides: Statistics
and datasets: UK data service, 2023); Data.gov
(Data.gov Home — Data.gov, 2023) which pro-
vides access to datasets published by agencies
across the Federal Government and has 248,505
datasets available; Dataverse: A data repository
hosted by Harvard University that contains
research data in social sciences, including poli-
tical science, sociology, and economics, open to
all researchers from any discipline, even outside
of the Harvard community (Harvard Dataverse,
2023). The collection dedicated to social scienc-
es contains 58,836 sets of data; OpenlCPSR,
which is a set of repositories united by the to-
pics connected to social studies, contains 6,904
results: of public use 6,808 and restricted use
96 (OpenlCPSR: Share your behavioral health
and social science research data, 2023); OECD
iLibrary containing by March 2023 Content items
(March 2023): 17,585 ebook titles, 97,850 chap-
ters, 299,200 tables and graphs, 172 podcasts,
2,600 articles, 6,390 multilingual summaries,
8,350 working papers, and policy responses,
7 billion data points across 44 databases (About
OECD iLibrary, 2023); Eurostat, as the statistical
office of the European Union, is a data reposito-
ry where there is logical structural organization
of the categories and subcategories of data sets
(Eurostat, 2023). World Bank Open Data is main-
tained by the World Bank Group and contains
20,000 indicators from more than 200 countries
and economies, with 6,433 datasets available
(World Bank, 2023). These repositories contain
materials in disciplines related to social science,
such as social science itself, statistics, econom-
ic studies, politics, public health, and education.

The next step in our comparative analysis is
to search for similar repositories in the Re3Data
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registry. To find thematic repositories, one can
go to https://www.re3data.org/ and select the
option “browse by subject,” as shown in Figure 2.
When various topics are of interest, we might
select the topic “Social and Behavioural Scienc-
es” or proceed with further specifications and se-
lect one from the following categories with their
subcategories: education sciences, psychology,
social sciences, political science, economics,
and jurisprudence.

For example, we would like to see the list
of Social Sciences and select this option. The
registry shows the following results: Reposito-
rio Universidad Autonoma de Bucaramanga,
located in Colombia and contains data sets in
humanities and social sciences along with me-
dicine (Repositorio Universidad Auténoma de
Bucaramanga | re3data.org, 2023); Social Sci-
entific Research Documentation Centre Reposi-
tory located in Hungary and containing data sets
in social sciences along with medicine and life
sciences (Social Scientific Research Documen-
tation Centre Repository | re3data.org, 2023);
Grouplens Datasets located in the US and
containing materials not only in social science
but also in computer science and engineering
(Grouplens Datasets | re3data.org, 2023). The
result shown by Re3Data contains fewer repos-
itories that we cannot define as social science
only but as multidisciplinary.

The search results do not overlap, and we
can observe different names of repositories
suggested by ChatGPT and Re3Data, which is
useful for researchers looking for more possibil-
ities in depositing their own data sets or look-
ing for existing data for their research. However,
we must admit that repositories from ChatGPT
results can also be regarded as cross-discipli-
nary as they contain content from the sphere of
medicine, namely COVID-19.

Re3Data has a logical structure consisting
of topics and subtopics, and when we search for
social science data repositories, we may specify
the specific area of social science. The logical
structure may be depictedas atree,asin Figure 3.
From the logical tree, it is obvious that search-
ing Re3Data is performed better when we spe-
cify what area of social science we would like
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Fig. 2. Browsing by subject option while finding social science repositories on Re3Data

to research. For example, if we need materials
in economics or pedagogy, we must use corre-
sponding thematic repositories, thus specifying
our search by filtering these particular disci-
plines.

However, the Re3Data search result may
show cross-disciplinary repositories, but the
probability of finding the repository needed for
our discipline is high when ChatGPT also gives
quite specific repositories that are cross-discipli-
nary but contain mainly materials from the area
of our interest.

COMPARATIVE ANALYSIS OF
REPOSITORY SEARCH CAPABILITIES
AND CHATGPT

Analysis Methodology. To deepen our
research, we conducted a detailed analysis of
search capabilities in one of the major social
science data repositories (ICPSR) across the
key parameter: data type (quantitative vs qual-
itative research). Similar queries were posed to
ChatGPT to compare results and evaluate the
effectiveness of its recommendations.
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Humanities and Social Sciences

Social and Behavioural Sciences

Education Sciences /
L] General Education and History
of Education
. Research on Teaching,
Learning and Training
. Research on Socialization and
Educational Institutions and
Professions

Psychology

L] General, Biological and
Mathematical Psychology

. Developmental and
Educational Psychology

L] Social Psychology, Industrial
and Organisational
Psychology

. Differential Psychology,
Clinical Psychology, Medical
Psychology, Methodology

-

\ Jurisprudence

L] Legal and Political Philosophy, Legal
History, Legal Theory
Private Law
Public Law
Criminal Law and Law of Criminal
Procedure

Economics

. Economic Theory
Economic and Social Policy
Public Finance
Business Administration
Statistics and Econometrics
Economic and Social History

Social Sciences

Sociological Theory
Empirical Social Research
Communication Science
Political Science

Fig. 3. Logical tree of social science data repositories by subject at re3data

Results of ICPSR Search by Data Types

When searching ICPSR by data type using
the term “Generative Al for academics,” 672
quantitative and 5 qualitative datasets were
found. This indicates a significant predominance
of quantitative research in the ICPSR repository,
reflecting the general trend in Al-related research
toward quantitative methodologies. The disparity
between quantitative and qualitative approaches
suggests that researchers primarily focus on
statistical modeling, performance metrics, and
computational experiments when studying ge-
nerative Al applications in academic contexts.

Results of Chat GPT Search by Data Type

To find research datasets related to genera-
tive Al in academic contexts using ChatGPT, it
is recommended to use a clear, specific prompt
like this:

‘Il am looking for research datasets about
generative Al applications in academic settings.
Please provide a comprehensive list of reposi-
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tories or databases where | can find qualitative
and quantitative datasets related to:
1. Use of large language models like GPT in
education and research
2. Academic impact of generative Al tools
3. Quantitative and qualitative studies on how
researchers and students use Al
4. Datasets specifically focused on ChatGPT
or similar models in higher education
For each suggested repository, please note
if they contain primarily quantitative or quali-
tative data, and include any information about
dataset size, recency, and accessibility.”
This prompt:
o Clearly defines the topic area (generative Al
in academic contexts)
e Specifies subtopics to help narrow the
search
e Requests information about data types
(quantitative vs. qualitative)
o Asks for metadata about the datasets (size,
recency, accessibility)
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Fig. 4. Results of ICPSR Search by Data Types

e |s specific enough to get relevant results but
broad enough to capture various relevant
repositories.

Results from ChatGPT

In response to our specific query about
generative Al datasets in academic contexts,
ChatGPT provided a detailed and particular list
of six datasets:

1. Higher Education Students’ Early Per-
ceptions of ChatGPT: Global Dataset
Description: Survey responses from 23,218
students across 109 countries
Data Type: Primarily quantitative with some
qualitative insights
Size: 23,218 responses
Recency: Data collected in early 2024
Source: data.mendeley.com
2. Chatbots’ Impact on University Learning
Description: Evaluation of educational chat-
bots in mathematics education
Data Type: Quantitative
Recency: Published approximately 10 months
ago
Source: Kaggle
3. AGGA: A Dataset of Academic Guide-
lines for Generative Al and Large Language
Models

Child Care and Development Fund (CCDF) Policies Database, United States, 2099-2021 (ICPSR 38538)

nfeld, Roger C.; Stein, Rona; Dempsey, Lorcan; Marcum, Deanna B

2023-68-21

Description: 80 academic guidelines from
universities on generative Al use
Data Type: Qualitative
Size: 188,674 words across 80 documents
Recency: Published 2 months ago
Source: arXiv
4. The StudyChat Dataset: Student Dia-
logues With ChatGPT in an Artificial Intelli-
gence Course

e Description: Student interactions with a
ChatGPT-powered tutoring chatbot
Data Type: Qualitative dialogues with quan-
titative annotations
Size: 1,197 conversations
Recency: Published “last week”
Source: arXiv
5. ChEDDAR: Student-ChatGPT Dialogue
in EFL Writing Education
Description: Dialogues between students
and ChatGPT during EFL writing courses
Data Type: Qualitative dialogues with quan-
titative satisfaction ratings
Size: Data from 212 students over a semester
Recency: Published 1.5 years ago
Source: arXiv
6. ChatGPT in Education: A Discourse
Analysis of Worries and Concerns on Social
Media
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o Description: Twitter data reflecting concerns
about ChatGPT in education

o Data Type: Qualitative social media posts

e Recency: Published 1.5 years ago

e Source: socialmediaarchive.org
This specialized search experiment revealed

several important insights about ChatGPT’s ca-
pabilities that were not apparent in our initial
general search:

1. Specificity of Results: When given a pre-
cisely formulated query about a special-
ized topic, ChatGPT provided highly rele-
vant and specific dataset recommendations
rather than just general repository sugges-
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aggregated dataset recommendations from
multiple sources (arXiv, Kaggle, Mendeley
Data, socialmediaarchive.org).

. Temporal Awareness: The model included

recently published datasets (as recent as
“last week” and “2 months ago”), demon-
strating some awareness of relatively cur-
rent research materials. However, the exact
accuracy of these temporal claims would
require verification.

. Balance of Data Types: Unlike the ICPSR

search, which revealed a strong quantita-
tive bias, ChatGPT’s recommendations in-
cluded a more balanced mix of quantitative,

tions. qualitative, and mixed-methods datasets.
2. Metadata Richness: ChatGPT provided
detailed metadata about each dataset, in- Limitations and Considerations
cluding size, recency, data types, and ac- Despite these strengths, several limitations

cessibility — information that would typically were observed:
require navigating to individual repositories 1. Verification Challenges: Without direct

and datasets to obtain. hyperlinks or DOIs, verifying the existence
3. Cross-Repository Knowledge: Rather than and accessibility of these specific datasets
limiting results to a single repository, ChatGPT requires additional effort.

I IGOKING TOF TESEarcn Jatasets anout generative Al appiications
ChatGPT in academic settings. Please provide a comprehensive list of
repositories or databases where | can find qualitative and
quantitative datasets related to:
1. Use of large language models like GPT in education and
research
2. Academic impact of generative Al tools
3. Quantitative and qualitative studies on how researchers and
students use Al
4. Datasets specifically focused on ChatGPT or similar models in
higher education
For each suggested repository, please note if they contain primarily
quantitative or qualitative data, and include any information about
dataset size, recency, and accessibility.”

Exploring datasets on the application of generative Al, particularly large language models like GPT, in
academic settings is crucial for understanding their impact on education and research. Below is a
curated list of repositories and databases offering qualitative and quantitative datasets relevant to your

specified areas of interest:
1. Higher Education Students’ Early Perceptions of ChatGPT: Global Dataset

* Description: This dataset encompasses responses from 23,218 students across 109 countries,

capturing their initial perceptions of ChatGPT in educational contexts. ds=mendeizycom +2
* Data Type: Primarily quantitative, with some qualitative insights from open-ended responses.
e Size: 23,218 responses. emencsinmnngor <2
* Recency: Data collected in early 2024.
*  Accessibility: Publicly available for download.

®  SOUMCE:  oamuEnnEey cou NP

Fig. 5. Results of ChatGPT Search by Data Types
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2. Potential Hallucinations: Some precise
metadata (such as exact word counts and
precise recency claims) may be prone to
Al hallucination and require independent
verification.

3. Limited Scope: The results appear com-
prehensive but may represent only a fraction
of available datasets.

This specialized search experiment demon-
strates that Al assistants can provide more val-
uable and detailed information when queries
are precisely formulated for specific research
needs. Rather than merely identifying gener-
al repositories, well-crafted prompts can help
locate specific, relevant datasets. However,
when asked about the proportion of quantitative
versus qualitative research in social sciences,
the Al could only provide generalized respons-
es without precise figures or current statistics.
This confirms the inherent limitations of Al sys-
tems in accessing and analyzing the most re-
cent empirical data distributions within repos-
itories, highlighting the importance of supple-
menting Al assistance with traditional research
methods for comprehensive, up-to-date infor-
mation.

At the same time the repository ICPSR en-
hances search precision through an extensive
filtering system that includes subject terms, ge-
ography (beta), restriction type, data format,
collection method, data type, time method, time
period, recent releases, funding agency, the-
matic collection, data availability, classifications
(beta), investigator, mode of data collection
(beta), object type (beta), archive (beta), inves-
tigator affiliation, and series (beta), allowing
researchers to narrow results according to par-
ticular parameters.
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MOPIBHA/IbHUIA AHA/I3 CHAT GPT TA RE3DATA.ORG A/151 MOLLYKY
PEMO3UTAPIIB A/151 AAHUX Y COLLIA/IbHUX HAYKAX

AHorayis. WTyynmi iHTenekT (LUI) Bigirpae anenasi NOMITHILLY pOJib Yy HAYKOBIiMi KOMYHi-
Kayii. He3Baxxato4m Ha 3aHENOKOEHHS LLJOAO0 JOTPUMAHHS HOPM akageMidHoi JO6po4eCcHOCTI,
IHcTpyMeHTw LLI nporoHyroTe NoTeHUiViHI nepesBary 4151 JOCIiQHNKIB, 30KpeMa B poboTi 3 [0-
CchigHUUbKUMY gaHnMmu. Lia ctatta BuB4ae, 4 moxe Chat Generative Pre-training Transformer
(ChatGPT) eqhekTnBHO igeHTUhiKyBatu Ta PeKOMEHLAYBATU KiflbKICHI Ta SIKICHI Habopu faHuX
y covjianbHnx Haykax. Mu nopisHroemo, sik ChatGPT (Bepcisi 3.5) ineHTugbikye penoautapii ans
JaHux y NopiBHSHHI 3i crieyianizoBaHnm peectpom Re3Data.org.

Pesynbratn nokasanu, 1o ChatGPT moxe HagaBaTtu BigrnoBigHi pekomeHgauii oo pe-
rno3uTapiis, siKi JOMNOBHIOKOTL, & He AY6JI0I0Th Ti, Lo 3HavigeHi Yepe3 Re3Data.org, Hagaroumn
LOCrigHUKam LUMPLLIMK CreKkTp BapiaHTiB. CTaHZapTHI NOLLYKn 3 BUKopuctaHHaM Re3Data.org
MpPOroHyBasu 6ifibLL CTPYKTYPOBaHi pe3ysibTatv 3 AUCYUIIIIHAPHOK KaTeropuaaliero, To4i K
ChatGPT HagaBaB riepesiku pero3utapiis i3 6aratlLo KOHTEKCTHOK iHGhopmMaLieo npo ix
BMICT.

3givicHroroun noLyky Habopie gaHux ChatGPT rnpogeMoHCTpyBaB 3[ATHICTb [QEHTU-
QiKyBaTn KOHKPETHI HAabopu faHuX y KiJIbKOX perno3utapisx 3 getasibHUMU MeTafaHuMuy.
OfHak, Konuv 3anutyBann fpo LUMPLLI eMipuYHi TeHAEHLT, Taki K CriBBIgHOLUEHHS Kiflb-
KiCHUX Ta SKicHUX pocnigxeHb, ChatGPT mir Hagatv nuvwe y3arasbHeEHi Bigrnosigi 6e3
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TOYHUX CTATUCTUYHUX JaHNX, LLO MIJKPECITHOE MOro OOMEXeEHHS B 4OCTYri O MOTOYHUX eMri-
PUYHUX JaHUX.

Kmroyosi cnosa: ChatGPT, Re3Data.org, cxoBuLya gaHux, codiasibHi Hayku, LLI.
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